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Effects of dictionary scale on dictionary learning
for DICOM image compression
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Abstract: With the accelerated developing of hospital digital medical, the amount of medical imaging
data grows dramatically, which affects the data storage space and access speed. This paper proposes a
new design which uses different scales dictionaries of MOD, K-SVD, ILS-DLLA, RLS-DLA for digital
imaging and communications in medicine (DICOM) image compression storage and restore methods

based on dictionary learning. Compared with the traditional algorithms JPEG and JPEG2000, the pro-
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posed method has better performance, especially when the dictionary scale is smaller. For example,

when the compression ratio is 20, using 4 X4 dictionary scale, the peak signal to noise ratio (PSNR)
of the proposed method is 7. 8 dB higher than that of JPEG, and 1dB than JPEG2000.
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pression
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